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Digital is made of (and FOR) 
DATA 



Alibaba Single Day 11.11.19

24hr 268 billion yuan → $38.4 billion

01m08s → $1 Bln

1hr → $12 Bln

Italian companies by turnover (Yearly)

Exor ($161.7B)

FCA Italy ($125.6B) 

Assicurazioni Generali ($100.6B)

Telecom Italia ($85.9B) 

Enel ($84.1B) 

Eni ($80B) 

11.11.20

24hr 498.2 billion yuan → $74.1 billion

11.11.21

$139 billion (and green)



5
5

The Obama 2008 team tested 24 

iterations of visuals and 

call-to-action combination for 

fundraising on the organization’s 

website. 

Data driven decision Making



Artificial Intelligence
Why it’s happening now (circa)



Why Now AI?



AI today (it’s a huge topic!)

Hyperautomation

Language Modeling

NLP

Computer 
VIsion

Virtual 
Agents

Recommenders
Generative 

AI

Analytical AI



AI and the future
Generative (LLM and More) and 

…reinforcement!

7 feb 2017



https://gpt3demo.com/

2020



GPT-3.5 Behind the scenes
• OpenAI third Generative Pre-trained Transformer (GPT-3)
• ChatGPT (DaVinci Model) is both an evolution (limited) and a front-end

• 12 blocks X 512 tokens

• Books Corpus (5GB)

• 117 Mln params

GPT-1

• 41 blocks X 1024 
tokens

• Webtext (40GB)

• 1,5 Bln params

GPT-2
• 96 blocks X 2048 

tokens

• Webtext + Books 
(600GB)

• 179 Bln Params

GPT-3

• 717 Bln params

• Supervised + 
Reinforcement

Chat GPT

GPT-4

Multimodal
Undisclosed Params
Not yet optimized

Chat GPT
STEP 1 - SFT
Supervised Fine-tuned
Prompts vs Results 

STEP 2 – RM
Human Ranking results
Reward Model

STEP 3 – PPO
Proximity Policy 
Optimization

2018 - nd

2019 – ca 30%

2020 – 43 to 53%

2022 – 70%

2023 – 86,4%







Revelations
Truthfulness

Efficiency 
(sustainability?)

Control



Foundational Models (LLM – Minerva, Med-PaLM)

Ref: Foundation models for generalist medical artificial intelligence, Moor, Banerjee et. Al.



So LLM (ChatGPT behind the 
scenes parents) are the future?



2020

https://github.com/huggingface/pytorch-pretrained-BigGAN



To Diffusion 
Models

From GANs

Image
Generation
Trilemma
(NVIDIA)



From any source image to pure noise Now train models to (progressively) de-noise

Image from
Ramesh & Chen et al. 
(2022) (OpenAI)

SOTA

CLIP (Transformers) 
+ LDMs (Latent 
diffusion models)

Generalization (TR) 
+ details (LDM)

Forward Diffusion Reverse Diffusion

https://arxiv.org/abs/2204.06125
https://arxiv.org/abs/2204.06125




Some weeks ago…



Question to GPT (DaVinci Model):
«How AI could be beneficial for tourism industry?»

Synthetic audio (StyleGAN) – Spoiler: Will boom in 2023

Video generation – specific tool

Putting all together..



What about DeepMind 
Qlearning?



Q-Learning + much more





At first, it plays completely 
randomly, but over time the 

system learns from wins, losses, 
and draws to adjust the 

parameters of the neural 
network, making it more likely 
to choose advantageous moves 

in the future. The amount of 
training the network needs 
depends on the style and 

complexity of the game, taking 
approximately 9 hours for chess, 
12 hours for shogi, and 13 days 

for Go





Generative AI past timeline… ☺

Ian Goodfellow (MIT) 
Publishes the paper 
“Generative 
Adversarial Network”

GAN14
Mastering the game 
of GO -
Reinforcement 

AlphaGo paper16

“Attention is all you 
need” from Ashish 
Vaswani et.al

Transformer17

Google start to 
experiments on 
GANs

Google and GANs15

First experiment, 
positive results by 
OpenAI (Still open!)

GPT-118

First working (and 
Open) downloadable 
even now, 
encouraging results

GPT-219

Significant 
breakthrough, code 
not released, first 
concerrns

GPT-320

Jan 22 – InstructGPT
Released, no one still 
cares ☺
Dec 22 - AlphaCode
Compete..

InstructGPT22

Development2014 2023

RL is still widely overlooked…



Impossible to ignore

Easy to overlook



TESTO CODICE IMMAGINI VOCE VIDEO 3D ALTRO

Marketing
(contenuti)

Vendite
(Email)

Supporto
(Chat Email)

Scrittura

Analisi e 
riepilogo

Codice 
Document.

Codice 
Generazione

Costruzione
Interfacce

Revisione 
Codice

GPT-3 / 4

Gopher

Meta OPT

Claude

PaLM

AI2

GPT-3 / 4

MS Copilot

Tabnine

Stability.ai

Generazione
Immagini

Media / 
Advertising

Consumer / 
Social

Design

Dall-E 2

Stable 
Diffusion

Craiyon

Midjourney

Sintesi
Vocale

Whisper

Lovo

Generazione 
ed editing 

video

X-Clip

Make –a- 
Video

Modelli e 
scene 3D

DreamFusion

MOM

NVIDIA 
GET3D

Biologia e 
chimica

Musica

RPA

Gaming

Dati

Ontologie

AlphaZero

More

AI Generativa (Una slide in italiano!! ☺)
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Ehm and Analytical AI? ☺



The AI perception

Multi-disciplinar Collaboration

Business Design

Impact Planning



What could we do in the 
«real world»? ☺

CORPORATE (Circa)



https://www.youtube.com/watch?v=-44xdo5tRaA&t=4s
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HR    - Finance and Controlling - Other support

TradeInvest

Waste Waste Waste Waste

T
im

e

T
im

e

Subsidies

Events

Demand Driven 
Services

Knowledge

R
e

te
n

ti
o

n

Marketing and 
Communications

Support Processes

O
p

p
o

rt
u

n
it

ie
s

Impact KPI

Waste

Time

Cost

Optimize
Processes

Empower
People

Modernize
Customer 

Interaction

PROCESSES KPIs



Empower 
People

Modernize 
Customer 

Interaction

Optimize
Processes

Prescribe

Automate

Predict

Personalize

Insights

SOLUTIONS

AREAS

Strategy

Organization Data

Operations

Technology

To-Be
Models

Solutions 
Map

Impact KPI

Waste

Time

Cost

Optimize
Processes

Empower
People

Modernize
Customer 

Interaction



Prescribe

Automate

Predict

Personalize

Insights

AI application landscape for FIT

Data Intensive

Data relevance

Sweet Spots

Data relevance

Opportunity

Data Driven 
Approach
(CULTURE)

Information 
Retrieval

(KNOWLEDGE)

Conversational 
Platform

(AUTOMATION)

Digital 
Marketing

(CUSTOMER)

Recommended Core Initiatives

Impact / Effort



Day in the life of a Foreign Network

Customer Intelligence

Current market situation

Matchmaking and rec.

Location and venuesCurrent Needs

Status and scoring

Documents autocomposition

Find new 

opportunities

2 3

4 6
5 7

8

1

Look for news

Define invites for 

next Trade/invest 

Mission

Identify right 

companies

Plan effective 

meeting during 

events

Prep for meeting
Prepare and 

personalize

Follow-up and 

track 

advancement



AI is for good or will kill us all?
(powerful, handle with care…)

“... it seems probable 
that once the 
machine thinking 
method has started, 
it would not take 
long to outstrip our 
feeble powers. …
At some stage 
therefore we should 
have to expect the 
machines to take 
control”

“Thus the first 
ultraintelligent 
machine is the last 
invention that man 
need ever make, 
provided that the 
machine is docile 
enough to tell us 
how to keep it under 
control.”

“The problem is that, 
with such powerful 
machines, it would 
require but the 
slightest accident of 
careless design for 
them to place their 
goals ahead of ours”Alan Turing

1951
I.J. Good
1965

Marvin Minsky
1984



NATURE COMMUNICATIONS | https://doi.org/10.1038/s41467-019-14108-y - 2020

Sustainable Development Goals (SDG)

https://doi.org/10.1038/s41467-019-14108-y


https://smart.africa/board/login/uploads/70029-eng_ai-for-africa-blueprint.pdf

Paula Ingabire 

(Jan 83)

Zipline

Babyl



The use of geospatial (GIS) software has reportedly 
reduced the decision chain around artillery from 20 
minutes to under one minute.
Volunteer based development, based on Uber platform

https://www.nato.int/cps/en/natohq/official_texts_187617.htm

1 BN$ to invest in «dual-use» AI technologies

Shield.AI – 2,3 Bn$ (dec 22) «Building the world’s best AI pilot»
Helsing – 102 M € series A «AI to serve our democracies»

 



EXPERIENCES
AI for Safety and civilian support



Lybian Civil War



Libyan Emergency Chatbot | Overview

The main benefit of the Libyan Emergency Chatbot that we are designing:

▪ Reduction of response times
▪ Targeted measures in the concerned areas 
▪ Mapping of the emergencies in the areas
▪ Predictive Models through the Artificial Intelligence



Libyan Emergency Chatbot | Overview

The chatbot will be characterized by a data 
collection system which, using the 
Artificial Intelligence, can produce a 
Heat Map where the Lybian areas with 
the majority of the emergency calls are 
mapped.

The use of AI will allow the emergency 
service to have a talking map of the 
Libyan territory, thanks to which it will 
also be possible to develop predictive 
models that enable the emergency 
service to manage more efficienlty
and, consequently, optimize the rescue 
service resources.

Thanks to



Non Traditional data and 
Some magic with Image 

Enhancement



https://www.youtube.com/watch?v=Z8Q_xfmx1T8



Categories for Data Collection

Producers (MSME)

Commercial Buyers

Service Providers

Commercial Sellers

Farmers Bio Data
Level of Production
Marketing situation

Current skill level
Membership group

Machineries and equipment
Access to farm labour

Pest and disease record

Specific Field Tool



The «standard» process

Field Data 
Gathering

Baseline 
Creation

Continuous 
Data 

gathering

Variations
Anomalies

Trends

Enumerators Enumerators

Aggregation 
Centers

Aggregation 
Centers

Enumerator



Maturity Scenario

Awareness Design Data Quality
Data 

Integration
Data Engineer Data Science

BASIC READY DYNAMIC ADVANCED

• Understanding of 
value of data 

• Definition of 
audiences and 
needs

• Definition of 
needs and areas

• Definition of tools 
and processes

• Definition of 
modality 

• Data quality and 
standardization

• Reports and 
outputs

• Continuous data 
gathering

• External data 
sources to 
complement

• Usage of non-
traditional data

• Dynamic and self 
service reporting

• Data lineage and 
harmonization

• Data Platforms 

• Multidimensional 
analysis 

• Detailed time 
series

• Machine learning 
applications

• Data and robotic 
process 
automation

• Field Data 
integration (IoT)

Progress

Data Maturity Progress





Image Enhancement





Time - Check



AI, data and 
Healthcare



The Healthcare 
Data Innovation 
Council 

58
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A Data Driven Healthcare’s framework should focus on  

SOLUTIONS FOR CHANGE

HEALTHCARE 
TRANSFORMATION

NEED FOR CHANGE

ENABLERS OF CHANGE

HEALTH
MANAGEMENT

P
R

O
A

C
T

IV
E

VALUE BASED 59



Data can save lives

A blueprint for European Health Data Space 
architecture



Gastric Cancer data collaborative

2018 2040



Correa, P. and Piazuelo, M.B. (2012). Journal of Digestive Diseases, 13: 2-9.

Correa's Cascade: 
Tracing the Stealthy March from Gastritis to Gastric Cancer



Navigating the Gastric Cancer Maze: Unearthing the 
Interplay of Host, Environment, and Medical factors





CARECOL Scope

H.pylori eradication is an essential aspect of primary 

prevention for gastric cancer and for other gastric 

pathologies

From data gathered by the HP EU Registry to a 

coherent, accessible value through the cloud, 

available for the Gaia-X ecosystem

Technology
Leading edge cloud technologies, from Azure 

Synapse Analytics to Azure Cognitive services

including the Open Source Eclipse Dataspace 

Connector

ANALYTICS AI



Carecol helps lower the incidence of terminal gastric cancer for a given prevention and screening budget. This directly 

benefits health outcomes and quality of life.

The shape, scale and relative positions of the curves are arbitrary and only serve to illustrate the point being made

Full implementation of Carecol could 

save up to 20 000 lives per 

year in Europe with associated 

healthcare savings of € 4 bn



By leveraging Large Language Models 
(LLMs), the AIDA chatbot has inherited 
several powerful features:

• Conversation context

• Multilanguage support

• Text summarization 

AIDA Chatbot – Features



Electronic Medical Record Evalutation

The text understanding feature can be used 
to extract essential information from 
Electronic Medical Records. In this scenario, 
it's possible to analyze clinical summaries 
and medical reports to:

• Summarize reports effectively

• Enhance patient understanding

• Highlight critical information

• Provide suggestions for patient follow-up







networks of interactions 

between biological molecules
Image: Huttlin et al. Cell 2015

GRAPH-NEURAL MACHINE LEARNING (NARROW ”AI”) ALLOWS TO TAP 
INTO INTO LARGE OMICS DATASETS AND FIND NETWORK PATTERNS IN 

THE DATA THAT WOULD TAKE EONS FOR HUMANS TO FIND







Veselkov, K. et al Sci Rep 9, 9237 (2019).

Laponogov, I., Gonzalez, G., et al. (2021). Human Genomics, 15(1), 1

AI designed 

precision nutrition 

against gastric 

inflammation
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